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Abstract — 

Online reviews have become an important source of 

information for users for buying the product from 

online. Based on the comment of Early reviews the 

product tend to have a high impact on the subsequent 

product sales. We take the initiative to study the 

behavior characteristics of reviewers through their 

posted reviews on real-world e-commerce platforms. 

We quantitatively represent initial reviewers based on 

their rating behaviors of sentimental analysis. We have 

found an early reviewer tends to assign a higher 

average rating score or low rating for better products is 

an issue. The repeated reviews or the fake review are 

identified and relocated from the database to provide 

efficient response to the users. The data stored in 

database has been frequently verified which denies the 

chance of damage and repeated files. The standard 

reviews for every products has been analyzed with user 

review to avoid fake and repeated issues handled by 

using classification algorithms. And for the security 

purpose RSA and DSA algorithms were used. 

Keywords: Sentiment Analysis, Early reviewer, Early 

review, Classification algorithm, RSA, DSA 

 

I  INTRODUCTION  

The development of e-commerce websites has 

enabled users to circulate or share purchase 

experiences by posting product reviews, which 

usually contain useful conception, annotation and 

feedback towards a product. As such, a majority of 

customers will read online surveys before making an 

informed purchase determination. It has been 

described about 71% of overall online shoppers read 

online analysis before obtaining a product. Product 

reviews, expressly the new reviews (i.e., the reviews 

posted in the initial stage of a product), have a high 

concurrence on following product sales . 

Fundamentally, many of the queries users ask on 

revision websites will be those that can’t be answered 

using learning bases derived from product stipulation, 

but rather their queries will be exercised with 

subjective own exposure. Reviews are a natural and 

rich input of data to direction such queries[1]. We 

call the users who posted the first reviews early 

reviewers. Although early reviewers contribute only a 

tiny low proportion of reviews, their opinions can 

determine the success or failure of latest products and 

services. it's important for companies to spot early 

reviewers since their feedbacks can help 

companies to regulate marketing strategies and 

improve product designs, which 

may eventually result in the success of their new 

products. as an example, Amazon, one among the 

most important e-commerce company within 

the world, has advocated the first Reviewer Program1 

which helps to amass early reviews on products that 

have few or no reviews. With this program, Amazon 

consumers can study more about commodity and 

make smarter buying determination.  supported  the 

above discussions, we will see that early reviewers 

are extremely important for product marketing. The 

proposed system categorizes these 

aspects so problem with different words for same 

aspects may be resolved. These forms are identified 
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using supervised and unsupervised techniques. Then 

these identified aspects are categorized in 

categories. the feelings or opinions user provided for 

particular aspect is assigned to category of that 

aspect. Using language processing techniques, the 

opinions are rated within the scale of 1 to five. These 

ratings are accustomed evaluate the standard of the 

products[2].The analysis and exposure of newly 

adopters in the dispersion of additions have attracted 

much attention from the research community. Three 

fundamental elements of a diffusion process have 

been studied: attributes of an innovation, 

communication channels, and social network 

structures . An another explanation that accounts for 

both inequality and unpredictability attest that 

individuals do not make judgment independently, but 

rather are influenced by the style of others [3]. 

However, most of these studies are abstract survey at 

the huge level and there is a lack of significant 

investigations. However, in many application 

domains, social networking links or communication 

channel are neglected. Hence, existing methods 

commit on social network structures or 

communication channels are not relevant in our 

present problem of conclude newly reviewers from 

online brush up. To model the act of newly 

reviewers, we develop a principled way to specify the 

acceptance action in two real-world large review 

datasets, i.e., Amazon and Yelp. we offer order for 

further research related to the six previous 

questions[4]. More specially, given a product, the 

reviewers are ordered tender to their timespace for 

publishing their reviews. Following , we split the 

commodity periods into three constant stages, namely 

early, majority and laggards. A user who has 

published a review in the initial stage is examined as 

an early reviewer. In our work here, we mainly 

concentrate on two tasks, the first task is to predict  

the overall behavior  of early reviewers correlated 

with the majority and laggard reviewers. Based on 

the on top of discussions, square measure able to see 

that early reviewers are extraordinarily vital for 

product promoting. Thus, during this paper, we tend 

to take the initiative to review the behavior 

characteristics of early reviewers through their 

announce reviews on representative e-commerce 

platforms, e.g., Amazon and Yelp[5].We determine  

their rating styles and the helpfulness count received 

from others and the comparison of their reviews with 

product popularity. The second task is a prediction 

model which regulate the initial reviewers given a 

product. To predict the behaviors s of early 

reviewers, we take two critical metrics combined 

with their reviews, i.e., their comment assessment 

and usefulness scores assigned by others. We have 

found that  

(1) an early reviewer be likely to assign a higher 

average rating score to products; and (2) an early 

reviewer be likely to post more helpful reviews. Our 

above findings can find relevance in the classic 

principles of personality variables theory from social 

science, which mainly studies how innovation is 

spread over time among the participants :  

(1) earlier adopters have a more favorable attitude 

toward changes than later adopters; and  

(2) earlier adopters have a higher degree of judgment 

leadership than later adopters. We can relate our 

findings with the personality variables theory as 

follows: higher average rating scores can be observed 

as the favorable attitude towards the products, and 

higher helpfulness votes of early reviews given by 

others can be viewed as a proxy measure of the 

judgment leadership. Our analysis also indicates that 

early reviewers’ ratings and their received 

helpfulness scores are likely to influence product 

popularity. We further explain this finding with the 

herd behavior widely learned in economics and 

sociology . Herd behavior refers to the fact that 

individuals are strongly influenced by the decisions 

of others. To predict early reviewers, we propose a 

novel approach by viewing review posting process as 

a multiplayer competition game. Only the most 

competitive users can become the early reviewers 

w.r.t. to a product. The competition process can be 

further decomposed into multiple pairwise 

comparisons between two players. In a two-player 

competition, the winner will beat the loser with an 

earlier timestamp. Inspired by the recent progress in 

distributed representation learning we propose to use 

a margin-based embedding model by first mapping 

both users and products into the same embedding 

space, and then determining the order of a pair of 

users given a product based on their respective 

distance to the product representation. 

Unique in relation to existing examinations on crowd 

conduct, we center on quantitatively dissecting the 

general attributes of early analysts utilizing huge 

scale certifiable datasets. In expansion, we formalize 
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the early analyst forecast undertaking as an 

opposition issue and propose a novel installing based 

positioning way to handle with this[6].Previous 

studies have highly emphasized the phenomenon that 

individuals are strongly influenced by the decisions 

of others, which can be explained by herd behavior 

The influence of early reviews on subsequent 

purchase can be understood as a special case of 

herding effect. Early reviews contain vital product 

evaluations from previous adopters, which are 

valuable reference resources for subsequent purchase 

decisions. As shown in , when consumers use the 

product evaluations of others to estimate product 

quality on the Internet, herd behavior occurs in the 

online shopping process[7]. Different from existing 

studies on herd behavior, we focus on quantitatively 

analyzing the overall characteristics of early 

reviewers using large-scale real-world datasets. In 

addition, we formalize the early reviewer prediction 

task as a competition problem and propose a novel 

embedding based ranking approach to this task. To 

our knowledge, the task of early reviewer prediction 

itself has received very little attention in the 

literature. Our contributions are summarized as 

follows:  

• We present a first study to characterize early 

reviewers on an e-commerce website using two real-

world large datasets. 

 • We quantitatively analyze the characteristics of 

early reviewers and their effect on product 

popularity. Our empirical analysis provides support 

to a series of theoretical conclusions from the 

sociology and economics. 

 • We view review posting process as a multiplayer 

competition game and progress a embedding-based 

ranking model for the prediction of early reviewers. 

Our model can handle with the cold-start problem by 

incorporating side information of products. • 

Extensive experiments on two real-world large 

datasets, i.e., Amazon and Yelp have demonstrated  

the effectiveness of our approach for the prediction of  

early reviewers. The proposed plan can likewise 

bolster multi-benefit access control with the goal that 

medicinal staff can get to the required degree of data 

while amplifying quiet protection [8]. 

 

II. ARCHITECTURE DIAGRAM 

The first step of this study is to collect data. It is 

known that collecting the data and the data sets 

require the most time and power for the researchers 

who work on online shopping web. There are many 

different types of data collection on commercial 

networks. When we look at literature, there are many 

tools and methods for collecting data. There are many 

tools and methods for collecting data when we look 

at previous studies. Among these, the most 

commonly used are custom designed APIs, web 

crawling, web scraping operations and scripts. In this 

study, it is focused to obtain the data sets in a 

meaningful and regular manner based on Flip cart 

data and to carry out sentiment analysis work. In this 

study, tagged  Flip cart data set named Sentiment140 

was used. 

 

III. Existing System  

The epic undertaking of early commentator portrayal 

and forecast on two true online audit datasets. The 

task of initial reviewer characterization and 

prediction on that dataset.  Our actual analysis 

strengthens a several the oretical conclusions from 

sociology and economics.  Reduces the efficiency of 

the complete analysis by gathering fake and repeated 

reviews. Discloses the user interactions and their 

required details with low innovation techniques[9]. 

 

Disadvantage  

Usage of same commands for multiple times.   

It take high time to execute the system.  

 Chance of occurrences of multiple fake ratings and 

reviews.  

Extended latency works are involved.  

 

IV. Proposed System  

The basic concept of proposed system to avoid 

duplicate reviewers for effective product marketing 
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on E-commerce website.  Reduce the space 

complexity and time complexity of this process. 

Provide data truthfulness and achieves privacy for 

data in the system.  Increases the efficiency by 

cleaning repeated datasets and verifies complete 

structure of data repeatedly to avoid damage[10] . 

Advantages  

 Reduced the space complexity.  

➢ Reduces the time complexity.  

➢ Enhances the user preferences with better 

efficiency.  

➢ Higher preorder feature for reducing fake queries 

that are present in the system. 

Algorithms  

DES  

➢ DES is a block cipher, and encrypts data in blocks 

of size of 64 bit each, means 64 bits of plain text goes 

as the input to DES, which produces 64 bits of cipher 

text.  

➢ The same algorithm and key are used for 

encryption and decryption, with minor differences. 

DES consists of 16 steps, each of which is called as a 

round.[15]  

RSA  

➢ It uses pairs of keys, public key and private key 

where public key may be published, and private key 

which are known only to the landowner.  

➢ This contains two functions: authentication and 

encryption, where the public key establish that a 

holder of the paired private key and encryption.  

➢ Only the paired private key holder can decrypt the 

message encrypted with the public key.  

DNN  

➢ A Deep Neural Network (DNN) is an artificial 

neural network (ANN) with multiple layers between 

the input and output layers.  

➢ The DNN use the correct mathematical 

formulation to covert the input into the output, and 

the result should be in  a linear relationship or a 

nonlinear relationship.  

SVM  

➢ A SVM is machine learning algorithm that 

analyzes data for classification and regression 

analysis.  

➢ SVM is a supervised learning method that arrange 

the data into two categories.  

➢ An SVM results map the sorted data with the 

margins between the two as far apart as possible[11] . 

Modules  

➢ Data and Dataset Acquisition  

➢ Preprocess Acquired Data  

➢ Segmentation of Data/Dataset  

➢ Classification of Data  

➢ Analyze Repeated Values  

➢ Verify Product Information  

➢ Performance Evaluation  

A. Data Acquisition  

Collects the data that has to be predicted that consists 

most relevant reviews to various products. The 

related data sets are obtained according to the high 

order priorities. Based on these dataset collection the 

fake and original review of the products and 

commercial issues are identified conveyed to the 

users efficiently.  

identified conveyed to the users efficiently.  

B. Preprocess Acquired Data  

Based on the collected datasets and the records, the 

reviews are analyzed and utilized by an authority. 

Authorities holds the records of predefined reviews 

for products and match those reviews with the 

predefined one. So that the reviews are categorized 

and managed by the administrator which enables the 

exact review contents for the users.  

 

C. Segmentation of Data and Dataset  

The collected datasets are segmented for better 

comparison of data that has been collected. For 

simple segmentation of the collected data K-Means 

algorithm has been used along with the SVM for 

better results. The data that has been gathered are 

segmented to attain the perfect dataset result analysis. 

Data are segmented according to their behavioral 

content that has been analyzed by the authorities.  

D. Classification of Data  

It has been done by the K Means algorithm which has 

been classified and compared with SVM[12]. The 

classified results are compared, which provides the 

detailed results of the reviews that are posted and it 

separates the fake and as well as perfect reviews. K 

means algorithm provides the complete result 

according to the datasets. 

Reviews for the products are classified and processed 

with the predefined reviews that has been submitted 

by the authorities. So that due to this comparison 
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process fake reviews and contents are quiet simply 

analyzed and eradicated. The classified results are 

submitted to the users by the administrator for 

efficient handling of the process.  

E. Analyze Repeated Values 

Along with that repeated values are analyzed and 

processed to remove them from the datasets. The 

repeated values are observed as dirty data which slow 

down the process and exhibits inefficiency in the data 

collection. Due to the repeated values the exact 

scenario of reviews for the products are 

unmanageable and inefficient.  

F. Verify Product Information  

After removal of dirty data and fake contents the 

product information can be submitted to the users in 

an enhanced manner by the administrator. Moreover 

verification has been done efficiently and exact 

product scenario has been submitted. This reduces 

the duplicate contents and enhances the product 

feature and reliability.  

G. Performance Evaluation  

Based on the above procedures higher order 

performance evaluation has been attained throughout 

the system. Fake contents and dirty data i.e.: repeated 

data are excluded and information provided by the 

authorities for products are in an unique manner.. 

 

USECASE DIAGRAM 

 

Fig 1: process of customers and admins 

 

 

DATAFLOW DIAGRAM 

 

 

 

 

 

 

Fig 2: process of  predicting the product reviews 

 

How Sentiment Analysis Can Power Your E-

Commerce Website 

 

Every day millions of people leave their judgment 

online. They are being posted, tweeted, shared, left 

on online retailers’ own sites and on several 

platforms . Consumers are leaving their judgments 

about products they are considering, items they have 

bought or services they are using. 

All of this information lives on the internet and is 

informing not only the close network of people 

giving these judgments, but also other internet users 

who are discovering these judgments when carrying 

out their own product    

research.[13][16] 

If you are running an e-commerce website the it’s a 

huge challenge to discover about your website, your 

brand or the products you sell. Online retailers should 

be looking at sentiment analysis to solve this issue. 

Sentiment analysis is the procedure of conclusive the 

sentimental tone behind a sequence of words, used to 

gain an awareness of the approach, decision making 

and desire expressed within an online mention. 

Sentiment analysis allow retailers and brands alike to 
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to get the judgements of consumer feedback and User 

Generated Content. progress in text and sentiment 

analysis now allow us to understand not only the 

context and emotion of a large number of judgements 

but also analyze these judgements for specific 

aspects. As a result, many companies are using 

sentiment analysis to make sense of the huge amount 

of consumer feedback that is coming their way. 

 

CONCLUSION 

 

The increase in the use of computers and the internet 

has caused a serious increase in the methods of 

information extraction from commercial media. In 

this study, the report approach and analysis steps 

used in the novel have been considered in detail. The 

sentiment analysis work was conducted on Flip cart 

data. Obtaining Flip cart data, clearing data, 

transforming data into numerical form, extracting 

meaningful results and interpreting them are 

performed. Machine learning algorithms are used by 

using KNIME software. The results obtained were 

compared in detail with the help of tables. In the 

future studies, it is aimed to carry out sentiment 

analysis studies on different sets using different 

machine learning and intelligent optimization 

algorithms. In order to increase value of accuracy, it 

is foreseen to prepare more suitable data sets to 

increase the accuracy rate of the studies. Using 

intelligent search and optimization algorithms with 

optimized parameters may also be used with 

integrated feature selection methods to increase the 

sentiment analysis performances. For certain 

purposes a large number of critical subjects was 

required for the present experiment [14][15]. 

 

We designed novel features for use in the 

classification of posts in order to develop a system 

through which informational data may be filtered 

from the conversations, which are not of much value 

in the situation of inquiring for sudden report for cure 

resolutions or look-on to apply in order to decrease 

abuse. The results of our experiments show that the 

rumor and non rumor can classify the appearance of 

rating if rating assets are uneasy, proposed work has 

reduced the space and time complicity of the process 

and also reduce the duplicate data.   
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